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PENG Xiaoran, LIU Zunren, Ji Jun. A positive region computation of neighborhood rough set based on cat-
egory of samples. Computer Engineering and Applications

Abstract: For an attribute reduction algorithm based on the neighborhood rough set, the positive region calculation
is the necessary basis of its efficient performance and the uppermost part of its time cost. And the speed of the cal-
culation is mainly determined by measure times between samples. In the condition of ensuring the correctness of the
calculation, the less the measure times are, the faster the calculation is. In existing positive region calculations, there
are usually a large measure times between samples that have the same category. Aimed at this case, this paper firstly
proves that the measure between samples that have the same category is meaningless to the positive region calcula-
tion in neighborhood rough set. Then according to the proof, a positive region calculation based on category of sam-
ples is proposed. Compared with an existing positive region calculation, the experimental result shows that this pro-
posed calculation is effective and faster. And this calculation is more suitable for data sets with fewer categories of
samples.
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